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Abstract Temperature has long been accepted as the major
controlling factor in determining vegetation phenology in the
middle and higher latitudes. The influence of water availability
is often overlooked even in arid and semi-arid environments.
We compared vegetation phenology metrics derived from both
in situ temperature and satellite-based normalized difference
vegetation index (NDVI) observations from 1982 to 2006 by
an example of the arid region of northwestern China. From the
satellite-based results, it was found the start of the growing
season (SOS) advanced by 0.37 days year−1 and the end of the
growing season (EOS) delayed by 0.61 days year−1 in Southern
Xinjiang over 25 years. In the Tianshan Mountains, the SOS
advanced by 0.35 days year−1 and the EOS delayed by
0.31 days year−1. There were almost no changes in Northern
Xinjiang. Compared with satellite-based results, those esti-
mates based on temperature contain less details of spatial
variability of vegetation phenology. Interestingly, they show

different and at times reversed spatial patterns from the satellite
results arising from water limitation. Phenology metrics de-
rived from temperature and NDVI conclude that water limita-
tion of onset of the growing season is more severe than the
cessation. Phenology spatial patterns of four oases in Southern
Xingjiang show that, on average, there is a delay of the SOS of
1.6 days/10 km of distance from the mountain outlet stations.
Our results underline the importance of water availability in
determining the vegetation phenology in arid regions and can
lead to important consequences in interpreting the possible
change of vegetation phenology with climate.

1 Introduction

Vegetation phenology, the annual rhythm of biological phe-
nomena, has received increasing attention over the last several
decades particularly in temperate regions (White et al. 1997;
Piao et al. 2006; Peñuelas et al. 2009; Gordo and Sanz 2010;
Korner and Basler 2010). It rises because many organisms
alter their life cycles in response to ongoing climate change.
At the same time, phenology feedbacks are important to
the hydrological and climatic systems by influencing the
seasonality of albedo, surface roughness length, and fluxes
of water, energy, and CO2 (Richardson et al. 2013). For
example, recent studies have shown that, across temperate
regions, temperature is the most important controlling
factor (Piao et al. 2006; Primack and Miller-Rushing
2011). As most of those studies were concentrated in
temperate regions, temperature-based phenology models
are widely accepted using the strong linkage between
seasonal temperature variability and phenological changes
(Chmielewski 2003; Fisher et al. 2007; Jiang et al. 2011;
Shen et al. 2012). Phenology, however, has been studied less
in extreme climate environments despite being more vulnera-
ble to climate change (Primack and Miller-Rushing 2011).
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In theory, in arid regions, the ecosystem and hydrological
cycles are expected to be sensitive to water availability
(Budyko 1974). Here, arid regions are defined by the aridity
index, the ratio between mean annual precipitation and poten-
tial evapotranspiration (<0.2), and cover 20 % of global land
area (Shen and Chen 2010). Sparse vegetation in arid regions is
a key terrestrial biome and exerts a strong control on the water
cycle in dryland areas (Maestre et al. 2012; Wang et al. 2012).
Vegetation in arid regions is highly vulnerable to desertification
and highly sensitive to global climate change (Eswaran et al.
1999; Lioubimtseva 2004; Salguero-Gomez et al. 2012). As
global warming continues to progress, it is important to detect
vegetation signals comprehensively and correctly such as veg-
etation coverage, biomass, and phenology in these areas.

In recent years, satellite-derived information is being dem-
onstrated as an important method in detecting regional pheno-
logical variability (White et al. 1997; Piao et al. 2006; Busetto
et al. 2010; Davison et al. 2011; Jeong et al. 2011; Shen et al.
2012), due to its advantage of being able to produce long-term,
large-scale, and continuous observations. The normalized dif-
ference vegetation index (NDVI), taking advantage of the
drastic difference between red and near-infrared light reflected
by a healthy plant, is widely used as a proxy indicator of
vegetation productivity (Gomez-Mendoza et al. 2008;
Fensholt et al. 2012). Remotely sensed vegetation phenology
involves non-traditional metrics (e.g., germination, flowering,
leaf expansion, color changing, leaf fall, etc.), which is capable
of capturing key information regarding the onset, cessation, and
length of growing season by greenness. All of this phenological
information assists in gaining insight into ecosystem suscepti-
bility to natural and anthropogenic perturbations, which is
important in arid regions, where ecosystems are highly vulner-
able to disturbance (Kong et al. 2010).

Xinjiang province in the northwest of China contains the
second largest shifting sand desert in the world, the Taklamakan
Desert, as well as the longest inland river in China, the Tarim
River. In line with unprecedented global warming being expe-
rienced since the 1980s (Corfee-Morlot et al. 2007), increasing
trends of mean annual temperature, precipitation, and river
runoff were observed in Xinjiang around the same time (Shi
et al. 2007). Hence, investigation of vegetation phenological
changes occurring with climate change and anthropogenic ac-
tivities from this period is critical to establish a framework for
sustainable management of ecosystems in this arid region.
Research tries to draw the phenology of this area from a
temperate-system concept (Jiang et al. 2011). However, phe-
nology in arid regions is more complex than that in most
temperate systems because water availability, as a principal
trigger of phenology, is highly variable and relatively unpre-
dictable (Peñuelas et al. 2004; Primack and Miller-Rushing
2011; Buyantuyev and Wu 2012; Richardson et al. 2013).

The primary objective of this study is to detect spatial
patterns and trends in vegetation phenology in arid regions

by taking Xinjiang Province in Northwestern China from
1982 to 2006 as a case study. Specifically, this study aims to
(1) examine the differences between phenology metrics from
the traditional thermal method based on surface meteorologi-
cal measurements of temperatures and those from the remotely
sensed vegetation index-based methods, (2) examine how
water limitation influences spatial patterns of phenology in
arid areas, and (3) examine trends in vegetation phenology in
different areas of the study region across the period 1982–
2006. The research extends the phenology study to previously
overlooked extreme climate environments—arid regions. We
analyzed regional phenology with not only the response to
temperature and precipitation but also the response to river
discharge, which is important to determinate the phenology of
oasis vegetation (Buyantuyev and Wu 2012).

2 Materials and methods

2.1 Study area

The study area of Xinjiang province, located in northwestern
China, extends longitudinally from 73°24′ E to 97°00′ E and
latitudinally from 34°50′ N to 49°15′ N, with a total area of
1.66×106 km2 (Fig. 1a). It is the largest arid region in China,
and precipitation is <100 mm year−1 in most areas owing to
the dominance of the continental arid climate and less effects
of the East Asian Monsoon (Shen et al. 2010). Highly influ-
enced by elevation (from −154 to 7,400 m), there is a strong
spatial heterogeneity in the hydro-climatic conditions, which
form different ecodomains, e.g. the Mountain Ecodomain,
Diluvial fan Ecodomain, and Desert Ecodomain. The land-
scape characteristics include desert matrix, vegetation patch,
and river corridor (Fig. 1b). Irrigated cropland in the diluvial
fan oasis covers only 5 % of the land surface, but supports
95 % of the population (about 21.8 million in Xinjiang in
2010) in the area (Wen and Jin 2012). In this study, the region
was divided into three zones, including Northern Xinjiang, the
Tianshan Mountains, and Southern Xinjiang, according to
geographical location and climatic characteristics. Mean an-
nual temperature and precipitation (1982–2006) from meteo-
rological stations show different climatic characteristics
among these areas (Table 1). The Tianshan Mountains area
is relatively wet but with the lowest temperature, as opposed
to, Southern Xinjiang which has the highest temperature but
the lowest precipitation. Northern Xinjiang is in between.

2.2 Methods

2.2.1 Phenology metrics from traditional thermal method

In traditional phenological studies of temperate zones, air
temperature is regarded as the main trigger of vegetation
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phenology, as extended, for example, to northwestern China
(Jiang et al. 2011). The start of the growing season (SOS) is
defined as the first appearance of five consecutive days with
daily average temperatures (T) higher than 5 °C. Similarly, the
end of the growing season (EOS) is defined as the last
appearance of five consecutive days with T>5 °C in autumn.
We adopt this definition and used daily temperature data of 53
in situ meteorological observation sites in Xinjiang from the
China Meteorological Administration.

2.2.2 Phenology metrics from vegetation index

National Oceanic and Atmospheric Administration–Advanced
Very High Resolution Radiometer (AVHRR) NDVI, which is
capable of providing long-term statistics (1982–2006), has
been extensively used to detect and monitor vegetation dynam-
ics related to climate variability and land-use changes at both
regional and global levels (Ji et al. 2008; Fensholt et al. 2012).

We used a calibrated version on the basis of those data, i.e.,
AVHRR Global Inventory Modeling and Mapping Studies
(GIMMS) NDVI, which has reduced influences from view
geometry, volcanic aerosols, and others not related to actual
vegetation change (Tucker et al. 2005). The data are at 15-day
intervals with a spatial resolution of 8 km.

Satellite derived phenology is generally based on the idea
that canopy greenness observed from satellites is related to
canopy development (Fisher et al. 2007). Some key phe-
nology information, such as the SOS, and the EOS can be
derived from the satellite-measured NDVI data. Generally,
data filter and interpolation are needed to smooth out the
noise around NDVI time series and disaggregate to daily
data before being used. Then, different threshold methods
can be used to detect phenology metrics; these include the
absolute threshold, the dynamic ratio threshold, and abrupt
change method (Table 2).

To minimize bias, we applied these three methods (Fig. 2).
Firstly, the Savitzky–Golay filter was applied to eliminate the
noise in the original NDVI series. Then, the three methods
above were used to derive SOS and EOS from polynomial
fitting lines of the first and the last half year. In the absolute
threshold method, we choose 0.15 as the threshold to identify
the growth of vegetation of this region, and ratios of 0.2 and
0.5 are respectively for SOS and EOS in the dynamic ratio
threshold, slightly revised for EOS from Yu et al. (2010) for
this specific study area. The abrupt change method from Piao
et al. (2006) is also used (Piao et al. 2006; Jeong et al. 2011).

Fig. 1 Study area. aLocation of the study area of Xinjiang province with
background of mean annual precipitation of China from 1971 to
2000. b Distribution of rivers, oases, and meteorological observation

sites with rendering topography background (WGS-84 reference frame)
and three partitions of the region: I Northern Xinjiang, II Tianshan
Mountains, and III Southern Xinjiang

Table 1 Mean annual temperature (MAT) and precipitation (MAP) and
their standard deviation (STD) derived from 53 meteorological stations
(1982–2006)

MAT (°C) STD (°C) MAP (mm) STD (mm)

Northern Xinjiang 6.1 2.4 167.3 55.2

Tianshan Mountains 4.0 4.8 252.5 108.6

Southern Xinjiang 11.1 2.2 62.7 27.6

Evaluating vegetation growing season changes in arid region



Three methods were used to derive the phenology threshold
from the 25-year average vegetation growing curve for
each pixel to derive the average phenology pattern of
years. Then, the calculated NDVI threshold of each pixel
was used to determine the onset dates of vegetation green-up
and dormancy for each year.

3 Results

3.1 Spatial pattern of phenology

3.1.1 Temperature-based phenology pattern

The temperature-based phenology pattern varies depending
on geographical position and elevation (Figs. 3a and 4a). It is

the same as we expected according to mean annual tempera-
ture in Table 1. The earliest SOS, occurring in March, mainly
appears in the oases of Southern Xinjiang. Later, in April,
SOS occurs in the oases of Northern Xinjiang and a few oases
at the higher latitude of Southern Xinjiang. The latest occur at
the high altitude of Tianshan Mountains with SOS of later
than 120 days of year (DOY; according to the Julian calendar).
The spatial results of the EOS are generally opposite to the
SOS as indicated in Fig. 4a. The temperature-based EOS is
delayed from the Tianshan Mountains to Northern Xinjiang,
and Southern Xinjiang.

3.1.2 Satellite-based phenology pattern

Using the satellite-based NDVI data, we can observe a more
detailed pattern of phenology (Fig. 3b–d) than that from air
temperature. The earliest SOS appearing in early March is
mainly distributed in the Gurbantunggut desert of Northern
Xinjiang and some oases in the Tianshan Mountains and
Northern Xinjiang. Northern Xinjiang region, especially, in
the Gurbantunggut desert, contains many early spring desert
ephemeral plants, which are capable of taking advantage
of rainfall in early spring and complete their life cycles in
a short time (Zhang et al. 2011). Note that the results of
absolute method in the Gurbantunggut desert are later than
the others because the threshold of 0.15 is somehow too
high for desert ephemeral plants. Later, the SOS in late
March–early April is mainly in the upstream of oases in
Southern Xinjiang and most parts of Northern Xinjiang.
The upstream of Southern Xinjiang oases has a higher
temperature owing to the lower latitude, and water is
supplied by the early spring flood produced by the snow
melt in the mountains. However, the SOS in the middle
and lower reaches of oases is delayed due to the time lags
of water availability.

The earliest EOS from NDVI is mainly distributed in
the mountain areas of the three regions, which is the same
as the temperature-based results. Later EOS appears in
most of the oasis areas both in Southern and Northern
Xinjiang. Eephemeral plants in the Gurbantunggut desert
and parts of the oases in Tianshan Mountains and
Northern Xinjiang are the latest.

Table 2 Summarized methods used to derive phenology metrics from
satellite-based NDVI data (the methods in the bold font are used in
the paper)

Data filter and
interpolation

The Best Index Slope Extraction (White et al.
1997)

Fourier analysis (Jia et al. 2011)
The Savitzky–Golay filter(Brown et al. 2010)
Wavelet-based filter (Sakamoto et al. 2010)
Asymmetric Gaussian function fitting

(Jonsson and Eklundh 2002)
Logistic function fitting (Zhang et al. 2004;

Busetto et al. 2010; Li et al. 2010)
Polynomial fitting method (Piao et al. 2006;

Jeong et al. 2011)

Threshold determination Absolute threshold, e.g. 0.17 (Fischer 1994),
0.09 (Jia et al. 2004), etc.

Dynamic ratio threshold, e.g. 20 or 50 % of
the annual maximum amplitude
(difference between annual maximum and
minimum NDVI) (White et al. 1997;
Jonsson and Eklundh 2004; Brown et al.
2010; Yu et al. 2010)

Abrupt change (also called sudden change in
some previous studies) inNDVI, which is by
identifying the time period when there is an
“abrupt increase or abrupt decrease” in the
NDVI (Zhang et al. 2004; Piao et al. 2006).

Fig. 2 Flow chart of getting phenology metrics from original NDVI series (SOS/EOS start/end of the growing season). The filled triangles and hollow
diamonds are the first and the last half year)
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3.1.3 Comparison of phenology patterns
between the temperature-based and satellite-based results

Generally, differences between temperature-based and satellite-
based EOS results (mean value of 5 days) are much less than
those of SOS (mean value of 31 days) as shown in Table 3. It

indicates that water limitation on the SOS is more severe than
that on the EOS. In terms of the spatial pattern, in Northern
Xinjiang, the annual mean temperature is relatively low
(Table 1), but the growing season begins earliest observed from
NDVI. After that is the Tianshan Mountains area. In Southern
Xinjiang, we estimated the earliest SOS from the temperature-

Fig. 3 Mean annual phenology
pattern of start of the growing
season (SOS) based on
a temperature, b vegetation index
absolute threshold, c vegetation
index dynamic ratio threshold,
and d vegetation index abrupt
change method

Fig. 4 Mean annual phenology
pattern of end of the growing
season based on a temperature,
b vegetation index absolute
threshold, c vegetation index
dynamic ratio threshold, and
d vegetation index abrupt
change method
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based method, but observed the latest SOS from the satellite-
based NDVI data. Water limitation has played a vital role in
generating the generally inverse patterns among the three
regions. Similar situation happened in the EOS. However,
for each region, standard deviation of the EOS of the four
methods is much smaller than that of the SOS (Table 3).

3.1.4 Comparison of spring phenology between the upstream
and downstream

Examination of the phenology spatial pattern within the four
oases in Southern Xinjiang indicates that the SOS is delayed
along rivers (Fig. 3b–d) although the air temperature is almost
identical (Fig. 3a). Detailed information about the four river
basins and the corresponding oases is shown in Table 4. For
each oasis, it shows a delayed pattern with increasing distance
between location in the oases and its corresponding mountain
outlet station (Figs. 3b and 5). The differences of phenology
arise because the oasis vegetation is generally controlled by
the available water from rivers. The closer is the distance to
the mountain outlet means the earlier is the water arrival. With
the increasing distance, an oscillation exists owing to different
threshold methods with the natural vegetation around the
oases. It shows that the time series of the absolute threshold
method have the largest variability, and the ones of dynamic

ratio threshold are the most stable. Within each oasis, the
results show slightly different delayed speeds of SOS, which
are 1.7, 1.9, 1.1, and 1.6 days/10 km (significance level
p<0.05) for the Yarkant Oasis, the Kashgar Oasis, the Akesu
Oasis, and theWeiganOasis in Southern Xinjiang, respectively.
On average, SOS is delayed by 1.6 days of per 10 km distance
from the runoff stations. However, the phenology estimated
based on surface temperature cannot capture the above detailed
information.

3.2 Phenology trends

3.2.1 Temperature-based phenology trend

Phenology trends were derived by nonparametric Mann–
Kendall Trend test method from both temperature- and
satellite-based phenology results from 1982 to 2006.
According to the statistical value of 1.96 at significance level
of 0.05, trends are divided into significant advanced trend
(SAT), significant delayed trend (SDT), and nonsignificant
trend (NT). The result from temperature indicates the signif-
icant advanced SOS trend mainly appears in Southern
Xinjiang and several stations in the Tianshan Mountains
(Fig. 6a). Most parts of Northern Xinjiang, the Tianshan
Mountains, and east part of Southern Xinjiang are mainly
nonsignificant. The significant delayed EOS also is mainly
distributed in the north of the Kunlun Mountains in Southern
Xinjiang from temperature results (Fig. 8a). Stations in the
Tianshan Mountains and Northern Xinjiang are nonsignifi-
cant. It indicates that the significant prolonged thermal grow-
ing season mainly appears in Southern Xinjiang, especially in
the north of Kunlun Mountains.

3.2.2 Satellite-based phenology trend

However, the satellite-based SOS is not exactly the same as
that from temperature (Fig. 6b–d). The significant advanced
SOS is mainly distributed in the oases of south of Southern
Xinjiang and scatters in Northern Xinjiang and the Tianshan
Mountains. The SOS trend in most parts of Northern Xinjiang

Table 3 Statistics of vegetation phenology for three regions

SOS EOS

AT DRT AC T STD AT DRT AC T STD

Southern
Xinjiang

147 128 132 73 32 281 300 292 309 12

Tianshan
Mountains

130 123 122 106 10 286 284 296 285 6

Northern
Xinjiang

120 98 94 94 12 284 300 303 295 8

SOS/EOS start/end of the growing season, AT vegetation index Absolute
threshold,DRTvegetation index Dynamic Ratio threshold, ACvegetation
index Abrupt Change method, T temperature method, STD standard
deviation

Table 4 Summarized information about four river basins and their oases
in Southern Xinjaing, including the length of the rivers, relief in elevation,
and 1982–2006 mean annual runoff (MAR) of the river basins; the

25-year mean annual temperature (MAT), mean annual precipitation
(MAP), oasis relief in elevation, and the start of the growing season
(SOS) delayed speed with the distance to mountain outlet station

River Basin Oasis

Length (km) Relief (m) MAR (108 m3) MAT (°C) MAP (mm) Relief (m) Length (km) SOS delayed
(days/10 km)

Yarkant 970 400–7,244 67.6 12.0 73.4 1,077–1,768 400 1.7

Kashgar 900 1126–7,351 38.6 12.2 61.0 1,139–1,562 300 1.9

Akesu 530 984–6,172 67.7 10.7 65.1 997–1,079 180 1.1

Weigan 452 921–6,553 27.9 11.2 77.4 928–1,114 220 1.6
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and TianshanMountains is nonsignificant. But other than that,
there are two oasis parts showing significant delayed SOS in
Northern Xinjiang and Southern Xinjiang (Fig. 6b). Five-
year-average NDVI growing curves of the two delayed parts
are shown in Fig. 7. It obviously shows a decreased NDVI in
spring and an increased NDVI in summer, which results in a
delayed SOS. We checked the change of agriculture structure
of these two places and found that they were both the areas of
changing from wheat and corn to cotton (Kang and Zhu 2008;
Shen, et al. 2013). The NDVI derived EOS shows a significant
delayed trend in Southern Xinjiang and the Altai Mountains,
and most of the other parts are nonsignificant (Fig. 8b–d).

Only some desert and cultivated vegetation shows signifcant
advanced trend.

3.2.3 Comparison of trends for different regions

Overall, the 25-year phenological time series of the three
regions derived from NDVI are shown in Fig. 9. Linear regres-
sion results indicate that the advanced SOS and delayed EOS
trends are mainly significant in the Tianshan Mountains and
Southern Xinjiang (at significance level p of 0.05). In Southern
Xinjiang, the delayed EOS (0.61 days year−1, p=0.02) is much
longer than the advanced SOS (0.37 days year−1, p=0.03)

Fig. 5 Variations of the start of the growing season with increasing distance between oasis position and its corresponding mountain outlet station in
Southern Xinjiang (location of oases a–d and corresponding mountain runoff hydrological stations are indicated in Fig. 3b)

Fig. 6 Trends of the start of the
growing season from methods of
a temperature, b vegetation index
absolute threshold, c vegetation
index dynamic ratio threshold,
and d vegetation index abrupt
change method. SAT significant
advanced trend, NT
nonsignificant trend, SDT
significant delayed trend (oases in
the north of Tianshan Mountains
(I) and the Akesu oasis (II) with
significant delayed trends are
analyzed below in detail)
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(Fig. 9a, b). The timing of phenology events changed more
quickly in autumn compared with the spring. Both advanced
SOS and delayed EOS are similar in Tianshan Mountains,
0.35 days year−1 (p=0.007) and 0.31 days year−1 (p=0.06),
respectively (Fig. 9c, d). The result in Northern Xinjiang is
unique from the others. The SOS and EOS changed ambigu-
ously, and no obvious trend was shown (Fig. 9e, f).

4 Discussion

4.1 Ephemeral plants in the Gurbantunggut Desert

The spatial pattern of phenology shows that both the earliest
SOS and latest EOS appear in the Gurbantunggut Desert (see
gray areas in both Figs. 3 and 4), and there is an absence of

values in the results of the absolute threshold method from the
satellite-based NDVI data. Here, we prepared a plot to show
the annual NDVI growing curve averaged across the
Gurbantunggut Desert (Fig. 10), which was not well repre-
sented by the absolute threshold method. It contains two peaks
on the 145 and 273 days of year, and the two corresponding
NDVI values are 0.13 and 0.12, respectively, which are lower
than the threshold of 0.15 being chosen.

In the Gurbantunggut Desert, ephemeral plants are the
main vegetation types and play a key role in desert ecosystem
stability and environmental conservation including Tamarix
ramosissima, Haloxylon ammodendro, Haloxylon persicum,
Ephedra distachya, Ephedra oxyrrhynchum, etc. (Mao and
Zhang 1994; Zhang et al. 2011). Of them, desert ephemeral
plants are mainly distributed throughout Central Asia, the
Mediterranean seashore, West Asia, and North Africa, etc.

Fig. 7 The 5-year average vegetation growing curve of significant delayed the start of the growing season (SOS) in I a Northern Xinjiang and II
b Southern Xinjiang (I and II indicated in Fig. 6b)

Fig. 8 Trends of the end of the
growing season from methods of
a temperature, b vegetation index
absolute threshold, c vegetation
index dynamic ratio threshold,
d vegetation index abrupt change
method (SATsignificant advanced
trend, NT nonsignificant trend,
SDT significant delayed trend)

Y. Wang et al.



(Li 2010). As the 15-day-interval NDVI growing curve aver-
aged across the Gurbantunggut Desert (Fig. 10), vegetation
growth resumes a few days after the first rain or melting-snow
water in early spring with the average SOS being the 73rd day
of the Julian calendar. The results reported here that the
maximal NDVI value appears in early May and most ephem-
eral annual plants complete growth and reproduction in about
2 or 3 months are consistent with field observations (Zhang
et al. 2012b). Detailed field observations also show that, after
ephemeral life circle in early summer, some ephemerals ger-
minate during summer (Wang et al. 2006) and another NDVI
peak appears in September. However, the peak in September
is lower as the number of species and plant height are both
significantly lower than those in spring (see Fig. 10).

4.2 Ecological and agricultural implications of phenology
shifts under climate warming in arid regions

A longer presence of the green cover in large areas may alter
land surface physical processes by influencing the seasonality
of albedo, surface roughness, canopy conductance, latent and

sensible heat, turbulence, terrestrial carbon (C) sink, and bio-
genic volatile organic compounds (Peñuelas et al. 2009; Xia and
Wan 2012; Richardson et al. 2013). All these changes can have
tremendous effects on the geo-ecological environment in arid
regions where ecology is vulnerable. The beginning of the
growing season is strongly controlled by the date of snow and
ice melting in this region. Therefore, earlier warmer tempera-
tures will lead to not only thermal but also water availability by
earlier snow melt. The glaciers have shrunken due to tempera-
ture increase since the 1950s, and this retreat has accelerated
over the past 20 years (Zhang et al. 2012a). It is not sustainable
for the regional ecology, although the warming has increased the
vegetation coverage in the short term.Meanwhile, the prolonged
growing season means that even more water is required than
previously, and may result in soil moisture depletion, which
could put negative effects on ecosystems in a long run.

Timing of phenological events and their variability have
had measurable impacts on the development and production
of field crops, including the changes in the farming system and
crop yield (Tao et al. 2006; Sacks and Kucharik 2011). In
accordance with the warmer climate, earlier onset of spring
and longer growing season prevail, which may lead finally to
higher and more stable crop yields and improved food quality.
However, the effects of prolonged growing season are contra-
dictory. The longer growing season also will increase pest’s
reproductive cycles and consume more irrigated water. The
earlier onset of greenness holds, at the same time, the danger
of damages by late frosts (Chmielewski 2003).

5 Conclusions

1. In this study, we show that the satellite-based observation
can reflect the spatial patterns of vegetation phenology

Fig. 9 The averaged satellite
based phenology trends including
start of the growing season (SOS)
and end of the growing season
(EOS) of three regions from 1982
to 2006 (gray areas are the range
of estimates by the three methods)

Fig. 10 Annual NDVI growing curve averaged across the Gurbantunggut
Desert 1982–2006 with ±standard deviation

Evaluating vegetation growing season changes in arid region



with more detail than those based on temperature. The
difference between them is suggested to be due to various
water limitations in arid regions. Based on the same NDVI
data, we estimated the phenology using three commonly
used methods, and they keep pace with the overall spatial
pattern and temporal trend while with some discrepancies.

2. According to the first part of the results, water limitation of
SOS is more severe than EOS across the whole study area.
Of them, water limitation in Southern Xinjiang is more
severe than that in Northern Xinjiang. Examination of the
spatial pattern of phenology within four oases in Southern
Xinjiang indicates that, on average, over the 25 years, the
SOS is dependent on the distance from the mountain outlet
station. On average, this impact is estimated as a
delayed SOS at 1.6 days/10 km within those oases
with the increasing distance to mountain outlet station.

3. Average trends of the three methods show a more signifi-
cant phenology change in the southern part than the north-
ern regions. A significant advance of the SOS of
0.37 days year−1 (p=0.03) and delay of the EOS of
0.61 days year−1 (p=0.02) are shown in Southern Xinjiang
during 1982 to 2006. Both the advance of the SOS and the
delay of the EOS are similar in the Tianshan Mountains,
0.35 days year−1 (p=0.007) and 0.31 days year−1 (p=0.06),
respectively. The results in Northern Xinjiang are ambigu-
ous, and no obvious trend is shown.

4. Satellite-based phenology also can reflect the variations that
influenced by anthropogenic activates through changing
farming systems. However, the traditional thermal method
derived from temperature cannot capture the actual change
in vegetation phenology in arid regions. Of particular im-
portance here, at a regional scale such as the study area,
possible changes in water availability and temperature are
generally different or even on the opposite direction. The
difference of phenology pattern between the temperature-
based estimate method and satellite-based vegetation mea-
surement reported here can lead to important consequences
in interpreting the possible influence of climate change on
vegetation phenology change in arid regions.
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